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By integrating Large Vision Models (LVMs) — which in-
terpret visual data in human-like ways — with XAl, we
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Block 1: Explanation Map Extraction with XAl The process involves uploading the data and selecting the desirec
g G-CAME task, with specific models assigned accordingly. Following the image analysis, users can specify the predictec
class and choose the XAl method to generate saliency maps, which highlights the areas of interest for the model’s
Figure 1. Classification of XAl methods by their mechanisms. decision-making process.

Block 2: Text-based Explanation with LVM We integrate different information to aid the LVM in generating text-
based explanations, such as the input data, ground truth, model’s top-1 prediction, and explanation map.

Large Vision Models (LVMs) The rise of LVMs stems
from advancements in LLMs. These LVMs combine lan-

guage understanding, reasoning, and visual perception. 1 \y/a employ a structured prompt for each task, starting with presenting the input data and explanation map to
n our research, we explored a new addition to the LVM help the LVM identify areas of interest.

family: GPT-4 Vision.

2. We combine the saliency map with the model’s prediction to verify the accuracy.
3. We compare the model's prediction with the ground truth to determine the reliability.

his comprehensive process ensures explanations are coherent and faithfully based on the model’'s analysis of the
INnput data.
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